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Intelligent Blood Quality Evaluation System Based on Microfluidic Chip

and Deep Learning Algorithm
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Abstract:  Currently, there are lots of problems encountered in blood (red blood cell) quality
evaluation, specifically relying on expensive equipment, a large amount of manual labor, and a
low level of intelligence for evaluating the quality of red blood cells. This article proposes a
low-cost, multi classification, high-precision, and intelligent red blood cell quality assessment
system based on microfluidic chip. By combining microfluidic technology and deep learning
technology, the morphology of red blood cells during the degradation process is divided into 6
subcategories. After sampling images of red blood cells stored for 7, 21, and 42 days, three sets of
experiments are compared to prove the feasibility and effectiveness of the system.
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